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Abstract : An improved method for fault diagnosis of rolling bearings based on generative adversarial networks is
proposed. The additional condition information is added to the generative adversarial network, and an auxiliary output layer
is added to the main output layer to improve the generative adversarial network. Then, the unsupervised learning generative
model is changed to a supervised learning Classification model. Experiments show that the improved generative adversarial
network model can effectively identify the type of rolling bearing’s faults. Compared with the artificial neural network with
the same structure, this method has higher fault diagnosis accuracy and can reduce the dependence on the sample data length
during the training process. Conclusion of this work may provide a theoretical guidance and technical support for the applica-
tion of the generative confrontation network in intelligent fault diagnoses.
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