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Feature Extraction and Classification of
Acoustic Signals of Drones
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Abstract : The mechanism of noise generation of drone flight is studied. The feature extraction method based on
empirical mode decomposition (EMD) energy ratio and Mel- frequency reciprocal spectrum coefficient (MFRSC) is
proposed. The acoustic signal extraction of the drone flight is realized. Then, the principal component analysis (PCA)
method is used to combine the feature and reduce the dimension of the feature. Finally, the vector quantification (VQ) is
chosen as a classifier to classify and identify the types of drone targets. The experimental results show that the classified
performance of the combined feature is better than that of the single feature. The method can reflect the difference between

the types of drones and have high accuracy and good stability for classification of features.
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