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An Improved EEMD-based Denoising Method

QU Zhong-yang, LI Hong-guang

( State Key Laboratory of Mechanical System and Vibration, Shanghai Jiaotong University,
Shanghai 200240, China )

Abstract : An improved EEMD-based denoising method is proposed for denoising processing of non-stationary signals.
In this method, the noise is estimated and extracted from the measured signals based on the intrinsic modal function (IMF)
energy method, and used to replace the additional noise in the EEMD method. Then, all the accumulative mean IMF
components and the residuals are summed up to get the denoised signals. A correlation criterion is used to eliminate the

pseudo IMF components after each EMD decomposing, and the noise estimation procedure is improved. Simulation results

prove that the improved method is effective in denoising of AM-FM noise signals.
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