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Gearbox’ s Fault Diagnosis and Residual Life Prediction Based on
MoG-BBN Method
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Abstract : A new approach for gearbox’ s fault diagnosis and residual life prediction based on Mixture of Gaussian-
Bayesian Belief Network (MoG- BBN) is presented. State number optimization method is established based on cluster
validity measures. The gearbox’ s degradation state can be recognized by calculating the probability of the fault
characteristic vectors. On this basis, the method for residual life prediction is presented. Finally, results of this prediction
method are verified by the data of gearbox’s full life cycle test. The results show that the mean accuracy can reach 96.47 %.
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